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In this paper, I advocate a new learning task that deals with the orders of items, and call this Learning from
Order Examples(LOE) task. The term order means a sequence of items sorted according to some property, such as
preference, size, cost and so on. The aim of the task is to acquire the rule that is used for estimating the appropriate
order of a given unordered item set. The rule is acquired from a training example set that consists of examples
that are pairs of an item set and its true order. The solution methods for the LOE task will serve, for example,
a questionnaire survey for predicting popularity of products. I present several solution methods for this problem,
and evaluate the performances and the characteristics of these methods based on the experimental results on the

artificially generated data.
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