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Abstract We propose a method of using clustering techniques to partition a set of orders. We define thedtgras a
sequence of objects that are sorted according to some property, such as size, preference, or price. These orders are usef
for, say, carrying out a sensory survey. We propose a method calléddimeans method, which is a modified version of a
k-means method, adjusted to handle orders. In this Paper, we will present experimental results in terms of the optimality of

the order means.
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