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Influence of Deterministic Decision Rules in Fair Logistic Regression
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The goal of fairness-aware classification is to categorize data while taking into account potential issues of fairness.
For example, when applying data mining technologies to university admissions, admission criteria must be fair
with regard to sensitive features, such as gender or race. We developed logistic regression satisfying such a fairness
constraint. In this paper, we show the trade-off between prediction accuracy and fairness can be drastically improved
by explicitly considering the influence of a deterministic decision rule.
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